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Each trial started with a 1 s presentation of a pre-stimulus mask 220 (# # # # #) with the central hash mark tagged with one frequency 221 (e.g., 10 Hz) and the flankers with another (e.g., 12.5 Hz; see Fig. 1 ).
222
Hash marks were then replaced by the stimulus (with tagging frequen-223 cies identical to the pre-stimulus mask period), which remained on-224 screen until the response was made or a deadline of 2 s was exceeded. 225 The SSVEPs were elicited by modulating the brightness of the stimuli 226 by a square wave (50% of the cycle on, 50% of the cycle off). Tagging 227 frequencies of the target and flankers were reversed after each block. 228 Behavioral data analyses 229 The first trial of each block, error trials (incorrect or no-response 230 trials), trials with RTs faster than 150 ms, and responses that fell outside 231 3 standard deviations of the mean were excluded from the RT data anal-232 ysis. The RT thresholding procedure was performed separately for each 233 participant, experimental condition (10 and 12.5 Hz target), and trial 234 type (congruent versus incongruent). The differences between high-235 and low-WMC groups in behavioral performance were tested using 236 repeated measures ANOVA with factors: trial congruency (congruent 237 and incongruent) and WMC group (high and low).
238
To quantify the evidence in favor of the "null effect" (non-significant 239 results involving WMC group factor) by grading the decisiveness of the 240 evidence (Jeffreys, 1961) we performed Bayesian analysis of variance 241 (Rouder et al., 2012) . Non-significant results involving the WMC group 242 factor were evaluated by comparing Bayes factors of two models (with 243 and without the WMC group factor) that were computed using lmBF 244 function from package BayesFactor package in R ( Morey and Rouder, 245 2013; Rouder et al., 2012) . Comparison of Bayes factors of models allows 246 assessment of the amount of evidence present in the data in favor of any 247 hypothesis, including the null hypothesis, which is not possible with con-248 ventional statistical analyses (Gallistel, 2009 ).
249

EEG recording and preprocessing 250
Sixty-two scalp EEG electrodes Eaton, 251 Ohio, USA) were positioned according to the modified version of the in-252 ternational 10-20 system (6 additional electrodes were placed 10% 253 below standard FT7, PO7, O1, FT8, PO8, and O2 electrode positions; F1, 254 F2, CP1, CP2, FT7, and FT8 were not measured). Two additional refer-255 ence electrodes were placed on the mastoids. Vertical and horizontal 256 eye movements were recorded using four additional electrodes, two 257 of which were placed below and above the left eye and the other two 258 on the outer eye canthi. The data were recorded using an average refer-259 ence REFA 8-72 amplifier (Twente Medical Systems, Enschede, The 260 Netherlands). The data were digitally low-pass filtered at 140 Hz and 261 sampled at 500 Hz. All offline data preprocessing and analysis was 262 done using EEGLAB toolbox for Matlab (sccn.ucsd.edu/eeglab/) and cus-263 tom written Matlab scripts.
264
The data were re-referenced offline to the average activity recorded 265 at the mastoids and high-pass filtered at 0.5 Hz. Continuous EEG record- To select the appropriate electrode for SSVEP analysis, a subject-282 specific "best-electrode" approach was employed (Fuchs et al., 2008; 283 Muller et al., 2003) . For this purpose, artifact-free data were Laplacian 284 transformed to increase topographical selectivity by filtering-out low 285 spatial frequencies, which are considered to be a result of volume- was subtracted from the power of 10 Hz targets, the same was done for 294 the stimuli tagged with 12.5 Hz). The two thus obtained values were 295 averaged for each channel and used to create iso-contour voltage 296 maps. For each participant, the occipital electrode that showed the 297 largest overall attention effect was selected for the analysis (Fig. 3C ).
298
Computation of SSVEP amplitude 299
For the time-course analysis of SSVEP amplitudes, epoched EEG data 300 were concatenated (separately for 10 and 12.5 Hz target conditions) to 301 improve frequency resolution. Each time series was then filtered using 302 narrow band-pass Gaussian filters with means of 10 and 12.5 Hz 303 frequency and a standard deviation of 0.5 Hz. The filters were imple-304 mented by multiplying the FFT of the data by the exponential function:
where f is frequency, f 0 is the frequency of interest (10 and 12.5 Hz), and s is the specified standard deviation of the Gaussian, and then 307 performing an inverse FFT. After filtering the data, the instantaneous 308 amplitude at 10 and 12.5 Hz frequency was extracted using Hilbert where t is time, f i is frequency which ranged from 2 to 40 Hz in 40 logarithmically spaced steps, and σ is the width of each frequency band, 397 which varied as a function of frequency (4/(2πf i )). Instantaneous where −300 to −100 ms pre-mask period served as a baseline.
Statistical analysis of theta-band power 404 The FCz electrode for theta-band power analyses was selected based 405 on previous reports (Cavanagh et al., 2009; Cohen and Cavanagh, 2011; 406 Nigbur et al., 2012) and was confirmed by qualitative analyses (Fig. 5A ,
the inset topographical maps). Because conflict-related brain activity is 408 linked both to stimulus processing and to response preparation Despite the presence of the flicker, a typical interference effect was 460 observed (Fig. 2) . Responses were faster (F(1,31) , 2007; Keye et al., 2009; Wilhelm et al., 2013) , no statistically 465 significant differences in reaction times (RTs) between high-and 466 low-WMC individuals were observed (F(1,31) = 0.78, p = .383, 467 η 2 p = .03). High-WMC individuals were numerically faster, and sig-468 nificantly less accurate (F(1,31) = 8.10, p = .008, η 2 p = .207). A 469 follow-up analysis revealed that group differences in accuracy reflected 470 that high-WMC individuals attained the instructed 90% accuracy re-471 quirement (one-sample t-test of error rate against 10%: t(16) = 0.72, 472 p = .481), whereas low-WMC did not (t(15) = 5.86, p b .001).
473
The size of the interference effects (measured as RT and accuracy dif-474 ferences on incongruent versus congruent trials) did not differ between than for the flankers both for 10 Hz and for 12.5 Hz tagging frequencies 493 (Fig. 1B) . Furthermore, the topographical distribution of SSVEPs elic-494 ited by the flickering stimuli showed a maximum response at central 495 occipitoparietal electrodes for the target, and at lateral electrodes for 496 the flankers (Fig. 3A) . Having demonstrated a typical attentional modu-497 lation of SSVEP amplitude, we further analyzed changes in SSVEP ampli-498 tude over time.
499
For both WMC groups, SSVEPs elicited by the central hash mark of 500 the mask (i.e., the target position) showed an increase in amplitude rel-501 ative to the pre-mask baseline period (− 500 to − 200 ms), an effect 502 that was mirrored by a decrease in the SSVEP amplitude for the flanking 503 hash marks (Fig. 3B) . These SSVEP amplitude differences during the pre-504 stimulus mask period continued into the stimulus presentation time. The time-course of SSVEP amplitudes for the targets and flankers at occipital electrodes (PO9, Oz, and PO10), demonstrating that group differences in the SSVEP amplitudes were observed only at occipital electrodes that showed strong SSVEP but were absent at electrodes that showed no clear SSVEPs (A).
more for incongruent compared to congruent trials in both stimulus-569 locked (F(1,31) = 9.60; p = .004, η 2 p = .236) and response-locked ternative (a full model including both main effects and an interaction).
580
Bayes factor analysis showed that a model excluding the main effect 581 of WMC and an interaction with WMC was preferred at least 180:1 in 582 the stimulus-locked analysis, and at least 161:1 in the response-locked 583 analysis, providing strong evidence for absence of differences between 584 high-and low-WMC groups in theta power. b Factors WMC group, trial congruency, and target flicker frequency are dummy-coded: low-WMC = 0, high-WMC = 1, congruent = 1, incongruent = 0, 12.5 Hz = 0, and 10 Hz = 1.
The findings that high-and low-WMC individuals use different 685 strategies to deal with distracting information have implications for at-686 tempts to use working memory training to increase general cognitive 687 and intellectual abilities (Slagter, 2012) . Specifically, our results suggest 688 that training tasks that foster the cognitive process of inhibiting irrele-689 vant information (Buschkuehl et al., 2012) would be more beneficial 690 than tasks that aim for general working memory training.
691
Finally, our study has more general implications for the study of 692 cognitive processes. Most SSVEP paradigms to date have used long-693 duration and large stimuli.
694
(e.g., Andersen and Muller, 2010; Muller et al., 2003; Toffanin et al., 695 2009), which suggests significant constraint on the types of cognitive 696 processes that can be studied using SSVEP technique. In contrast, our 697 finding of attentional modulation of a single target flanked by four 698 salient distractors demonstrates that SSVEPs can be successfully applied 699 to a variety of cognitive tasks, even those with small stimuli and rela-700 tively short presentation times.
701
To conclude, by simultaneously and independently measuring 702 attention to the targets and distractors in a conflict task we reveal that 
